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r ¥ | Keywords: refrigerator/OBJ cleans/VERB man/SUBJ-HUMAN clean/VERB blender/OBJ cleaning/VERB woman/SUBJ-HUMAN
"4 person/SUBJ-HUMAN stove/OBJ microwave/OBJ sponge/NOUN food/OBJ home/OBJ hose/OBJ oven/OBJ
4 uf Sentences from Our System 1. A person is using dish towel and hand held brush or vacuum to clean panel with knobs and

washing basin or sink. 2. Man cleaning a refrigerator. 3. Man cleans his blender. 4. Woman cleans old food out of refrigerator.

Cleaning an appliance

5. Man cleans top of microwave with sponge.
Human Synopsis: Two standing persons clean a stove top with a vacuum clean with a hose.

Keywords: meeting/VERB town/NOUN hall/OBJ microphone/OBJ talking/VERB people/OBJ podium/OBJ speech/OBJ woman/SUBJ-
N HUMAN man/SUBJ-HUMAN chairs/NOUN clapping/VERB speaks/VERB questions/ VERB giving/ VERB
Sentences from Our System 1. A person is speaking to a small group of sitting people and a small group of standing people
with board in the back. 2. A person is speaking to a small group of standing people with board in the back. 3. Man opens
town hall meeting. 4. Woman speaks at town meeting. 5. Man gives speech on health care reform at a town hall meeting.
Human Synopsis: A man talks to a mob of sitting persons who clap at the end of his short speech.

Bgh -
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Keywords: people/SUBJ-HUMAN, home/OBJ, group/OBJ, renovating/VERB, working/VERB, montage/OBJ, stop/VERB, motion/
OBJ, appears/VERB, building/VERB, floor/OBJ, tiles/OBJ, floorboards/OTHER, man/SUBJ-HUMAN, laying/VERB

Sentences from Our System: 1. A person is using power drill to renovate a house. 2. A crouching person is using power
drill to renovate a house. 3. A person is using trowel to renovate a house. 4. man lays out underlay for installing flooring. 5.
A man lays a plywood floor in time lapsed video.
Human Synopsis: Time lapse video of people making a concrete porch with sanders, brooms, vacuums and other tools.

Metal crafts project
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Keywords: metal/OBJ man/SUBJ-HUMAN bending/VERB hammer/VERB piece/OBJ tools/OBJ rods/OBJ hammering/ VERB craft/
VERB iron/OBJ workshop/OBJ holding/VERB works/VERB steel/OBJ bicycle/OBJ
Sentences from Our System 1. A person is working with pliers. 2. Man hammering metal. 3. Man bending metal in
workshop. 4. Man works various pieces of metal. 5. A man works on a metal craft at a workshop.
Human Synopsis: A man is shaping a star with a hammer.

3

O

Bl

(22 8) GHDP 7|dt EZ! AM Gi|A|

S
(=

32 2

| ADIE SEMH|IAE

¥ fr A Ao

R > =

IN
°



& HHS AlEsh] SRt Almmoln, 7]En g2 26l
o gt ket A A EE 7|HEo 2 AH|AE AlSRIT,
]-

Sojaid

el

S

=)
5o
j

o

(i)

[N
I
[

=
(o]
m
Ir
2,

o
Ol

£l

2
i

9

D)
>,

ox,

I

9

Au| 20 S e 2= 24

n

>
ofx
o
We,
O
re
=i
i
=
_)‘JJ
rT;.
1>
i
i,
[N
of. @ 71

N
i
=
mﬂ:
of
ol
o
NI
=
ol
2
0,
NI
r M
AU
T

wu o

o
‘TE

714 ste Tz Yo YH-24-EE0 55
3 A

TRE M 2ol AIBA Fxz Yo

mn
rr
]
e
1
10
o ol
sl
L

LSTM
PMI
PPL
VoD

Adjusted rand index

Bi-directional LSTM

Closed Circuit Television
Collaborative Filtering

Convolution neural network

Guided hierarchical dirichlet process
Hidden markov model

Imagenet Large Scale Visual Recognition
Challenge

Long short term memory

Point-wise mutual information
Product placement

Video on demand
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