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ABSTRACT

Since the discovery of X-rays, they have become an essential medical tool for the diagnosis and treatment in the
medical field Medical X-ray equipment allows visualization of the human body’s interior not only in 2D but also in
3D and is actively used not only for diagnosis but also throughout the treatment process. However, for patients
who have difficulty moving within the hospital or those with limited time for transport, administering computed
tomography (CT) scans can be challenging. Additionally, in operating rooms where complex medical equipment
is installed, there is a need for devices that ensure sufficient operating space for surgeons. Mobile C-arm CT
was developed to meet these needs and has now become an essential medical imaging device in fields such as
cardiovascular and interventional procedures. This paper describes the characteristics and technological trends

of maobile C-arm CT systems.
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